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' Voices of all Thai citizens must be respected ar matter where in the
wiorld they are. If they cast the votes in good faith, you #nna must take their
voices int t unless the votes have been given illegally or in bad faith.

Abstract

Nowadays, many people post things on various social networks like Facebook, Twitter and
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Youtube. In this study, we perform sentiment analysis over posts in Twitter to determine ‘ LSTM |

how users think about a topic in the social media. In this study, we adopt SVM
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Word2Vec method to map text to vectors for analyzing further. We evaluate the performance of AalnadanTwitter LYNLYEDISULUDILNER 7 Training Model
the proposed system in comparison with other algorithms to determine the suitability of Pretiction step .7
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long short-term memory(LSTM) as a classifier used in the prediction. Posts are mapped using

the proposed system.The expertimental results show that the proposed system slightly
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outperform the compared algorithmes.
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