ﬂ'liﬁﬂfis!"l mwﬁmﬁ’munﬂszmmmnwmmgmlaa

Win Yorasaas* uazdIasIn wa iy sa

unAAga

ﬂ’mmmmnmuvxmm‘;uuaﬂ%ﬁuiagaﬁﬁmmquam*‘ﬁm]’agagﬂmwﬁﬁéﬁuwﬁw wazeudg lag
maziinmsiuunlsznnlasatoyannayuaeidn g e llalssansnddudewsonfieuny
mﬂ%ﬁagaLmugmamﬁm@ﬁfnﬁaﬁﬁfﬂ?ﬁ'ﬂmmﬂLLmﬁﬂmiLLmLLﬂ:LLUUV\mmqlama\mﬂ**ﬁﬂbuiagauuugmm
k! I@mLLU':]WLﬁ]afaamfluvsmﬂﬂ&jw%aLwia:mjm:l,ﬂuﬁaLmumamﬁugwaa s lsAeuga bidlasiaue
Asnusnusstayasanidunanoyuuasaiiaiuszuy Tunmsdnwrilisinauedimsnduszuulunmsais
ﬁagauuw\mUgumaoﬁuaﬂﬂﬁagaLLuugwwaaLﬁm Imlﬁﬂﬂﬁﬂnﬁﬂﬂﬁﬂml,nmaaﬁagavlﬁmi PCA uaz LDA
mi'ammmmml,ml,muummguuao‘ﬁ'ﬁﬂLauaﬁlﬁmﬂﬁﬂmﬂmmﬁmd’mlmyj 18N ITINHANTIIUBALEALLE

o

nnamduunrans garfigninTudedayanyuuaIiuand i Han1InasasusadlwEwinIimsiaue il

a2
ﬂi:?{ﬂ%mwmnﬂ'jﬁ%ﬁmunmewnmugmauﬁm

ardan: inaflamasouizeaaies, miwuuwnuuunasyuued, dulidaguls, W4e, uaadia

Win YoaTuEs wasdIasIn wameliesd
AAITINLINIABNRILAET A INEARAT YR1INRBASUASUNTI Lyal

*gﬁwuﬁ‘ﬂsm’mﬁu, e-mail: pamika.pay@g.swu.ac.th



A Study of Classification Technique Using Multi-view

Paymika Boonsermsong* and Sirisup Laohakiat

ABSTRACT

Multiview classification is a classification technique used when we have data sets with different views,
for example image data sets taken from front and side views. The classification is performed by using data from
different views collaboratively, leading to better performance compared with using data from a single view.
Recently, researchers have extended the idea to address ordinary data sets with single view by dividing their
features to several sets of features, each of which is considered as one view. However, there is no systematic
way in dividing the whole features into different views. In this study, we propose a systematic approach in
generating Multiview data sets from single view data set using coordinate transformation algorithms including
PCA and LDA. The proposed Multiview classification uses majority vote to combine classification results from
classifiers trained using data from different views. The experimental results show that the proposed method

outperforms single-view classification method.
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