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Abstract

Recommendation system is the system that recommends products and services to
customers. The product rating of all customers and other features are used as information
to predict what customers may like. This research proposes machine learning models to
create a hybrid of Collaborative Filtering (CF) techniques and Content-based Filtering
techniques for video game recommendation system. The game rating dataset from
amazon.com in 2014 consists of 168,291 users and 23,177 items. The first model combines
CF Matrix Factorization and the Content-based Filtering technique. The second combines
CF Item-base and CF User-base combining with Content-based Filtering techniques. The
25% of data are holded out for evaluation of the models. The criteria Root Mean Square

Error (RMSE) are used for evaluation and achieve the best accuracy with RMSE at 0.7.
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Convert values to 0
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Machine Learning juuuulausnvaamnaila Collaborative Filtering (CF) wag Content-based
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1. lumaseuuuy Collaborative Filtering (CF) lagly
1.1 Non-negative matrix factorization (NMF) laA1 RMSE = 0.70
1.2 Surprise library (NMF) laf1 RMSE = 1.17
2. TULAAIZUULUU User-based CF laglsy
2.1 Cosine similarity A1 RMSE = 2.91
2.2 Pearson correlation similarity 19A1 RMSE = 3.04
3. JULAATZUULUY [tem-based CF lagly
3.1 Cosine similarity A1 RMSE = 3.32
3.3 Adjusted cosine similarity laf1 RMSE = 3.45
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Actual Rating [5.0,4.0,4.0,5.0,5.0,5.0,5.0,4.0,5.0,5.0,5.0,5.0, 5.0, 5.0,5.0,5.0,5.0]

Predicted Rating [3.2,4.7,4.8,5.0,4.9,5.1,5.1,46,44,5.1,4.8,4.8,3.7,4.0,4.0,4.5,4.8]

A1519LEAIASIUUALANLAZAZLUUNITUIELA 1aely Non-negative matrix factorization
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